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Introduction Case studies

* Most neuroimaging research focuses on brain-regional effect estimates as Drug challenge — Session permutation
outcomes of interest.

Colocalization between placebo-controlled drug effects on MRI (cerebral blood flow,

« Spatial patterns across the whole brain, cortex, or subcortex may convey CBF, and global correlation, GC) and independent neurotransmitter reference maps.
important Information missed by regionally constrained analysis approaches. Target: CBF/GC maps [11] | Reference: group-average nuclear imaging maps (included in N1Space) | Parcellation:
_ _ _ o Schaefer-200/ Melbourne-S2 | Processing: gray matter (GM) regression across parcels | Comparison: group level:
« These patterns are found in dany given brain map, from individual parcel-wise paired Cohen’s d | Colocalization: Spearman’s Rho | Permutation: drug vs. placebo labels, shuffled within
neurodevelopment over time [1] to effect size maps reflecting case-control each subject, retaining constant 50/50 drug/placebo splits.
differences on the individual [2] or group level [3]. Whole;-brain Cor;tex Subc|ortex
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o = AN A (Allen Human Brain Atlas) in a multilevel analysis: MLR by domain class, followed by individual analyses for
each specific domain. AN (anorexia nervosa): perception; ASD: cognition.
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GroupT ~ Group2 and brain cell type markers: Consistent colocalization with astrocyte markers.
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